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Identification of wet pavement by machine learning using

camera data

Mitsuhiro Hattori"! ~ Takashi Oguchi*? Takuya Koyama"3
Department of Civil Engineering, School of Engineering, The University of Tokyo"!
Institute of Industrial Science, The University of Tokyo™?

Maintenance and Traffic Management Department, Metropolitan Expressway Co., Ltd"3

In rainy conditions, there is a tendency for accidents to increase. Additionally, reduced road friction due to wet
conditions can lead to accidents. On the Tokyo Metropolitan Expressway, numerous cameras are installed to monitor
traffic. While studies have explored detecting snow and ice through camera images and estimating road conditions
using in-vehicle cameras, few studies have specifically focused on detecting wet pavement conditions using existing
traffic surveillance cameras. This research aims to develop a system that uses images captured by traffic cameras and

applies machine learning-based image classification techniques to identify wet road conditions automatically.
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